Theory of Rough Sets

= Rough Set Approximations
= Simple data and information representations

= Approximating complex phenomena with compacted
and intuitive models

Publications authored by Professor Pawlak have still the highest
number of citations when considering all scientists affiliated in
D Poland (https://data.mendeley.com/datasets/btchxktzyw/2)

Chapter 1

Professor Zdzistaw Pawlak (1926-2006):
Founder of the Polish School of Artificial
Intelligence
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He was not just a great scientist — he was also
a great human being.
— Lotfi A. Zadeh, April 2006
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1. Introduction

In the last decade. intensive growth in capabilit nd popularity of analytical environments containing data mining
solutions has been observed. Marketing. insurance, banking and finance, trade (especially e-commerce} and health care are
the most popular applica . Less frequently. data mining methods are used to ana and supervise industrial processes,
The industrial moni g systems usually produce multivariate strea f sensor readings for w performing standard
preprocessing steps (such as data integration, data cleaning, feature extraction, e ite eng It is also difficult o
construct and maintain forecasting models that should be used in an on-line fashion in industrial decision support systems,
Nevertheless, potential benefits coming from intelligent utilization of this data source are truly h

In this paper, we imvestigate new approaches for learning forecasting models from multi-sens
monil 2 natural ds and industrial processes, We them from the viewpoint of our dec
called DISESOR - which comprises of the expel tem 5]'IF']] with the knowledge base that can be used
data incoming on-line, the feature engineering module that can derive the most meaningful statistics describing multivariate
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= At its growth phase, the
reduct creation algorithm
repeats the following steps:

1. Take a random subset
of features / attributes
Evaluate its elements
Add the best element to
a reduct candidate that
is being constructed

2.
3.

= Step 1 can draw random
subsets from a space of
possible features, instead
of a closed set of columns
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BrightBax

The BrightBox Technology
leverages our proprietary set
of diagnostic attributes and
error taxonomy to explain
the underlying reasons of
errors and recommend
corrective actions.
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BrightBox Diagnostics
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162 teams

293 teams

ow to Select Training Decks for Win-rate Prediction
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117 teams.

ESENSEI Challenge: Marking Hair Follicles on Microscopic Images
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49 teams.
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A Data Challenge Platform
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Thank you!
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- From Information Systems to Intelligent Systems. FedCSIS 2022: 23-34
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